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#1 VIBO7—*%77F~%

Layer Description =~ Output Tensor Dim.

#0 Input feature 512
Encoder

#1 Linear + ReLU 256

#2 Linear + ReLU 256
w layer

#3-1 Linear 128
o layer

#3-2  Linear + Softplus 128

Latent layer

#4 /o X randn 128
Decoder

#5 Linear 512

# 2 spatial attention D7 —F 7 7 F ¥

Layer Description Output Tensor Dim.

#0 Input feature cX hxXw
#1 Conv2d + ReLU cX hxXw
#2 Conv2d + Sigmoid 1xhxw
#3  expand (Channel Dim.) cxX hxXw

% 3 place-banana-on-plate % R 7 DI

Success Rate [%]

method OOD
1D (floor)
Original [11] 100.0 73.3
VIB(zy) + Aug [6] 66.7 20.0
Proposal: AM + Aug 93.3 86.7
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